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A. Kanezaki, J. Nitta, and Y. Sasaki. GOSELO: Goal -Directed Obstacle and Self - Location Map for Robot Navigation
using Reactive Neural Networks. IEEE Robotics and Automation Letters (RA -L), Vol.3, Issue 2, pp.696  -703, 2018.
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ANAMVA

[Hart+, 1968]
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Probabilistic Roadmaps (PRM)
ANJVYAINY NV

[ Kavraki +, 1996]
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Rapidly -exploring Random Tree (RRT)
[ LaValle&Kuffner , 2001]
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D. Gandhi, L. Pinto, A. Gupta.

Crashing.

Learning to Fly by
In IEEE/RSJ IROS, 2017.
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Asako Kanezaki, Jirou Nitta, and Yoko Sasaki. GOSELO: Goal -Directed Obstacle and

Self -Location Map for Robot Navigation using Reactive Neural Networks. IEEE
Robotics and Automation Letters (RA -L), Vol.3, Issue 2, pp.696  -703, 2018.
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Ryo Yonetani , Tatsunori Taniai, Mohammadamin
Kanezaki. Path Planning using Neural A* Search.
Machine Learning (ICML) , pp. 12029 -12039, 2021.
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(3) Update the encoder via back-propagation
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PRM-RL[ Faust +,
A Global Planner:
PRM 1

A Local Planner:

s 01 ~ 0 ~ A 0

| CRAG 18]

INDOOR NAVIGATION PRM-RL

BELOW: LIDAR DATA, ROBOT'S INPUT




RL-RRT [Chiang+, RA -L 6 1 9]
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Kei Ota, Yoko Sasaki, Devesh K. Jha, Yusuke Yoshiyasu , and Asako Kanezaki.  Efficient
Exploration in Constrained Environments with Goal - Oriented Reference Path.
IEEE/RSJ International Conference on Intelligent Robots and Systems (IROS) , 2020.
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Keisuke Okumura, Ryo
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1. GOSELO [Kanezak|+ RA -L6 18]
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2. Neural A* [Yonetani +, | CMLO 21 ]
I A1 N~ [ ° p 1 °
3. PRMRL[Faust+, ICRA618]
I s al ~ 0 ~ 4 . 0
4. RL—RRT [Chiang+, RA Lo 1 9]
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5. Efficient Exploration [ Ot a+, | RO 4
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N~ Visual Navigation
Point -goal navigation: N n 1 X 1
[Wijmans + , | CLRO 2
. Image -goal navigation: M n 1’ X 1
[ Chaplot + |, CVPRG2O0] [ Zhu+,
. Room-goal navigation: Mnd1TA p PX 1
[ Wu + | CCVO
. Object -goal navigation: Mnd1 T p PX 1

[ Ander son+, 2018'] [Batra+.,. 2020] [ R

Audio -goal navigation: M nA1 T -7
[ Chen+, CVPRO0621] [ Chen

cf.) Visual Exploration: MMNp YIS N7 P
[ Ramakri shnan+, E Cdkatani2, 0 |C V[PLROW |
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Matterport3D

https://niessner.qithub
.10/Matterport/

5

Replica

https://qgithub.com/facebookr
esearch/Replica -Dataset

Gibson

YnMMYA

http://gibsonenv.sta
nford.edu/database/

etc.
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